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ABSTRACT PROJECT DETAILS Il

Utilizing extensive datasets like LGD and DKSM, the "Early Warning System" identifies
high-risk customers through advanced predictive analytics. The project aims to reduce
financial losses from credit defaults while setting new standards in accuracy, efficiency,
and ethical practices. By implementing rigorous data processing and strict privacy
standards, it offers actionable insights for strategic planning. Continuous refinement
ensures its effectiveness in the dynamic financial landscape, embodying a forward-
thinking approach to credit risk management.
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The "Early Warning System (Warner)" project aims to enhance risk management in the
banking sector by predicting credit defaults using advanced machine learning
techniques like Multilayer Perceptrons and Low-Rank Adaptation (LoRA). Utilizing — B
extensive datasets from Koc¢ Finance, the project focuses on accurately identifying Predicted label

customers with high default risks and low recovery rates. This system seeks to improve

financial stability by reducing potential losses and setting new standards for deep gL s,

learning in financial risk assessment. Ethical considerations, such as data privacy and CONCLUSION

transparent model governance, ensure the project's sustainability and industry

compliance. This research could revolutionize proactive risk management in banking. The "Early Warning System (Warner)" project has developed a predictive model to

identify customers with low recovery rates, aiding financial institutions in mitigating
credit default losses. Key achievements include integrating multiple datasets,

Histogram of Variable 1 (Target) | . _ implementing advanced techniques like Low-Rank Adaptation (LoRA), and rigorous
e | hyperparameter tuning, resulting in a robust model with improved ROC-AUC scores.
Variabie3 st ) | Despite challenges like data privacy and computational limits, the project adhered to
Vava:’:‘s s M o R ethical standards and regulatory requirements. Using agile methodologies, the team
voraies S ois fain g | -. adapted to evolving data and technical insights, enhancing outcomes.
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— ' _, Future work will refine the model with additional features and samples, optimize
Varisbles [0 vy hyperparameters, and explore new techniques to further improve performance,
V0 e B setting a new standard in financial risk management.
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OBJECTIVES PROJECT DETAILS
1. Enhance Predictive Accuracy. The "Early Warning System (Warner)" project %
L. aims to revolutionize financial risk =
2. Data Optimization and Management . v
. management by predicting customer =
3. Model| Development and Innovation. defaults with low recovery rates. Developed S
4. Performance Evaluation. by Koc Finance and guided by industry and w
academic experts, it uses advanced machine E
learning techniques like Multilayer
Perceptrons and Low-Rank Adaptation —— ROC curve of 100 to 25 (area = 0.83)
(LoRA) to improve risk assessment accuracy. ' —— ROC curve 100 to 10(area = 0,82)

ROC curve 100 to 5{area = 0.84)
= ROC curve 100 to 50(area = 0.83)
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OZET PROJE DETAYLARI I

LGD ve DKSM gibi kapsamli veri setlerini kullanan "Erken Uyari Sistemi", yuksek riskli
musterileri ileri tahmine dayali analitiklerle tespit ediyor. Proje, dogruluk, verimlilik ve
etik uygulamalarda yeni standartlar belirlerken kredi temerrutlerinden kaynaklanan
mali kayiplari azaltmayr amacliyor. Titiz veri isleme ve kati gizlilik standartlarini
uygulayarak, stratejik planlama icin eyleme gecirilebilir bilgiler sunar. Suarekli
lyilestirme, kredi riski yonetimine ileriyi distinen bir yaklasimi somutlastirarak dinamik
finansal ortamda etkinligini saglar.
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"Erken Uyari Sistemi (Warner)" projesi, Cok Katmanli Algilayicilar ve Dusuk Sirall
Adaptasyon (LoRA) gibi gelismis makine o6grenimi tekniklerini kullanarak kredi
temerrutlerini tahmin ederek bankacilik sektorinde risk yonetimini gelistirmeyi L o edictad i
amacliyor. Ko¢ Finans'in kapsamli veri setlerinden yararlanan proje, temerrut riski Predicted label

yuksek ve tahsilat oranlari dustuk olan musterilerin dogru tespit edilmesine odaklaniyor.

Bu sistem, potansiyel kayiplari azaltarak ve finansal risk degerlendirmesinde derin Flglir e,

6grenmeye yonelik yeni standartlar belirleyerek finansal istikrari iyilestirmeyi SONUQ

amaclamaktadir. Veri gizliligi ve seffaf model yonetimi gibi etik hususlar, projenin

stirdirilebilirligini ve sektdr uyumlulugunu saglar. Bu arastirma bankacilikta proaktif "Erken Uyari Sistemi (Warner)" projesi, tahsilat oranlar diustk olan musterileri tespit
risk yonetiminde devrim yaratabilir. etmek icin tahmine dayali bir model gelistirerek finansal kuruluslarin kredi temerrut

kayiplarini azaltmalarina yardimci oldu. Temel basarilar arasinda birden fazla veri
— _ kimesinin entegre edilmesi, Dusuk Sirali Uyarlama (LoRA) gibi gelismis tekniklerin
o SR uygulanmasi ve titiz hiperparametre ayarlamasi yer alir ve bu sayede gelismis ROC-AUC
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—— | puanlarina sahip saglam bir model elde edilir.
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wiutnes 1B m . Veri gizliligi ve hesaplama sinirlari gibi zorluklara ragmen proje, etik standartlara ve
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Varisbie 6 S0 010 amn & | -. duzenleyici gerekliliklere bagh kaldi. Ekip, cevik metodolojiler kullanarak gelisen
verbie7 B8 » I | verilere ve teknik icgorulere uyum saglayarak sonuglari gelistirdi.
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Variables IO g Gelecekteki calismalar, modeli ek ozellikler ve oOrneklerle iyilestirecek,
oo 0 ow hiperparametreleri optimize edecek ve performansi daha da artirmak icin yeni
teknikler kesfederek finansal risk yonetiminde yeni bir standart belirleyecek.
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HEDEFLER PROJE DETAYLARI

"Erken Uyari Sistemi (Warner)" projesi, dusuk
tahsilat oranlariyla mausteri temerritlerini
ongorerek finansal risk yonetiminde devrim
yaratmayl amacliyor. Ko¢ Finans tarafindan
4. Performans degerlendirmesi. gelistirilen ve sektor ve akademik uzmanlarin
rehberliginde, risk degerlendirmesinin
dogrulugunu artirmak icin Cok Katmanli

Algilayicilar ve Dusuk Sirali Adaptasyon —— ROC curve of 100 to 25 (area = 0.83)

(LoRA) gibi gelismis makine 0grenimi ' —— ROC curve 100 to 10(area = 0,82)

teknikleri kullaniliyor. ROC curve 100 to 5{area = 0.84)
= ROC curve 100 to 50(area = 0.83)

1. Tahmin Dogrulugunu Gelistirme.
2. Veri Optimizasyonu ve Yonetimi.
3. Model Gelistirme ve Yenilik.
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